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ASASO[EH?

N . . :
Artificial Intelligence A4Ig Bei BHE /AN

Artificial intelligence (Al), sometimes called machine intelligence,
B et niyonce diopiayed by h d other animal Tae ot
n contrast to the natural intelligence displayed by humans and other animals. HHS HES S 2/510]
In computer science Al research is defined as the study of “intelligent agents®
: any device that perceives its environment and takes actions that maximize
its chance of successfully achieving its goals. Maximize chance of achieving goals
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Logstash Elasticsearch  Kibana

- =k

Collect, transform  Store and search Visualize & analyze

Various tools are available!

- Google Analytics (+ Facebook, Naver, etc) v
~ Elastic Stack (Logstash, Elastic search, Kibana)
- Zeppelin
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Various data collection - Unowned data

WHAT 1S AN

API

It is a sel of functions or
procedures used by computer
programs to access operating
system services, software
libraries, or other systems,

Use APIs & Web scraper

— APIs (Twitter, Facebook, Instagram, etc)
~ Bots (Web crawler, Web scraper)
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s data collection - Public data & Open data (APIs & files)
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H4l2{'do|2?

- A field of artificial intelligence that gives computers the ability to learn from data, without being explic.uy programmed
Arthur Samuel, 1959

= A computer program is said to learn from experience E with respect to some class of tasks T and performance measure P,
if its performance at tasks in T, as measured by P, improves with experience E.
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Tom M. Mitchell, 1997
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No § learnlng q-e What is the lemperature going 1o
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2 Regression (Output 0] 414 &% ’WOIM LIERS) Will it be Cold or Hot tomorrow?
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sed, Unsupervised, Reinforcement

ised learning (H|A % 21&)
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| g, Deep Q-learning, Dynamic Programming

33 {248}, Automated data augmentation &

‘ - e

¥ 2012 118 8% Z2IE Siol AHsIoD,







ARTIFICIAL
(INTELLIGENCE

MACHINE
LEARNING

UEEP

| LEARNING
A

W — p—

19507 1970% 1980¢ 1990 2000's 20M0s

i3h of pobmism o the Vb, amelle r sonse
juset o machne legnng - s cronlnd oW

VIDI/

23 NVIDIA BAE 2T @ https://q00.9l/Dofx2h
(Al, ML, DL 2| =&} ##0]7| = BHch)

£ 2012 118 8% ZoHE 98 4%



-

)
v
M1EC0A NOSEEA LN ST 7Y o “'

(4
‘ S

N ? wer 9 i i & ¢
VAL :é Mk reeTvaL §  Officia Sehecton &

~
- o -
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Learning Algorithm

é
Training Data Train Model
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mal2{da) Z@a2'd, 1 0|28t 2}0]
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Output | Output

Regressor or Classifier
(Traditional ML algorithms)

Regressor or Classifier

{within neural network)

VS

Feature Extraction
{within neural network)

Input

* Feature = (§&E +H8H= O ANRSH= % ¥ (e, T 714§ 0| &3H= 2O feature : SHUS YAl 72, YA U )
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Object Detection (A2 Z &)
: 0]0[| 40] £171 AHEC] 921 ZRE YoHHE 7|%

2= O|0[R|ofM FE FHE 2T F CNNE A 83104 3| FHof| F10| A=A| Gl S8

warped region

aeroplane? no.

Faster Eﬁﬁ (Regions with Convolutional Neura! Network)

* CNN 812 84 T2 (Andrew Ng) @ https://goo.gl/rStLin
» Paper list of object detection using deep leaming & hitps://goo.gl/MKUBEM
2 2002 119 8% UoHE 9480 MA=IA20, Zo] 5 HIZ/AA/BVHE SELCH




Part 4. H2{'d & H2{'d2] #8 A

2
= W

( i-w_vc?-l .P‘L\AAI. ¥

g‘\ PLMTSCHAINER { Updoan J Udlotwe o sample mage

Al-Powered
Automatic Colorization

> &\-1/

Eiﬁ&"lﬂ“ﬁl




Hel'd & AR 7|4 M| = 2] $0|Z (Google, Prototype)
An Augmented Reality Microscope for Cancer Detection : https://goo.gl/ZRgKe6
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WlthRemrrentNeuralNeMorks@ nttps://arxiv.ora/pd:
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FAD)s
Craators

Ratings and Reviaws

Apply for Foarcii Alg

Training a team ?

Try Caoursera lar Business

Machine Learning

About this course: Mactiine karrirg I& the sclence of getting computers to act wehout being explicily
pragrammed. In the past decade. machine laarming has given us self.daving cars, practical speech
recognkion, effective web search, and a vastly improved understanding of the human genome, Mathine

g i, i : wodaanly ¢ F cdarres of fire 2 thn thert ks ' W

v More

Created by: Stanford Unmersity

Taught by: Andrew Mg, Co-founder, Caurserg Adjunct Professer, Stanford
University; formerly head of 8adu Al GroupyGoogle Brain
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News letter & Facebook group list
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Artificial Narrow Intelligence ("weak Al")
- Al that specializes in one specific area.
-Good at performlng a single task, such as playing chess or Go, making purchase s
can’t take on tasks beyond its field

= Works within a very limited context, and

Artificial General Intelligence (“strong Al”)

= Al that is as smart as a human and can perform any intellectual taskthata human belngcam
- Can understand and reason its environment as a human would.

V

- Artificial Super Intelligence
hat becom .__mudtsmamrthanﬁ\ebesthumanbmlnsinpracﬁmllyeveryﬁeld.
Jing sc c creativity, general wisdom and social skills, we’ve achieved Artificial St
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